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Abstract 

Resilience plays an essential role in sustaining and improving people’s livelihood during environmental 

changes. While several resilience measurements approaches have emerged, few studies compare the use of 

different resilience measurement tools. This paper addresses this gap by investigating how subjectively 

evaluated resilience measurements compare and relate to objective measurement tools. Using regionally 

representative household data of 24,516 households in 9 countries, we investigate whether the Subjective self-

Evaluated Resilience Score (SERS) can act as a substitute to the objectively evaluated Resilience Capacity 

Index (RCI) estimated through the Resilience Index and Measurement Analysis (RIMA) approach. We further 

examine how these measures capture the effect of experiencing climate and socio-economic shocks on 

resilience. Finally, we investigate the determinants of these measures. We find that overall, the correlations 

between SERS and RCI are weak and not consistent across countries. Further, we find that while several 

determinants have the same direction and almost the same magnitude of effect for both SERS and RCI. 

However, the effect of having experienced past shocks on these resilience capacity measurements differs as 

SERS decreases whereas RCI increases. We therefore conclude that SERS and RCI are not substitutes, and 

that they may be capturing various and different aspects of resilience capacities. This is essential to consider 

when designing targeting criteria for resilience-building projects and ensuring proper measurement and 

evaluation. 
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1. Introduction 

Resilience plays an essential role in sustaining and improving people’s livelihood outcomes and wellbeing in 

the face of environmental, political, and socioeconomic shocks (Tanner et al., 2015). Building resilience has 

therefore become a priority for development actors, along with understanding how to effectively measure 

resilience (Jones & Tanner, 2017; Bahadur et al., 2015). To date, a spectrum of measurement frameworks and 

approaches have emerged, from more “objective” ones to more “subjective” ones (Jones, 2019; Jones & 

d’Errico, 2019). Resilience measurements that evaluate objective indicators - such as level of assets, transfers, 

and education - are often the ones most used (Jones & d’Errico, 2019; Bahadur & Pichon, 2017). Yet, these 

objective measurements do not necessarily capture the intangible and psychological factors of resilience. In 

contrast, subjective tools allow respondents to evaluate for themselves how resilient they are based on their 

own understanding of resilience and on the mental resources they have. In addition, responses to subjective 

resilience questions are less time-consuming and costly to collect (Jones, 2017). As such, and given the 

multidimensional nature of resilience, objective and subjective measures of resilience may act as 

complements, and discrepancies between them may challenge long-held assumptions about the drivers of 

resilience (Jones, 2017).  

 

This paper addresses three gaps in the literature on subjective and objective measurements of resilience. First, 

we want to investigate if subjective and objective measures of resilience are possible substitutes, such that 

subjective measures could be employed in time-constrained emergency contexts as opposed to objective 

measures. Comparison studies between objective and subjective resilience measurement tools are nearly 

absent (Jones, 2019). A recent like-for-like comparison study in Northern Uganda found a moderate 

correlation between the objectively evaluated tool, Resilience Index and Measurement Analysis (RIMA), and 

the Subjective self-Evaluated Resilience Score (SERS). There were also notable differences in the effect that 

important traits such as exposure to previous shocks had on RIMA and SERS, which begs further examination 

(Jones & d’Errico, 2019). This is, to the best of our knowledge, the only case of subjective versus objective 

comparison.  

 

The second gap we address is how subjective and objective measures of resilience respond to the effect of 

shocks. Jones and d’Errico (2019) demonstrate that SERS and RIMA captured opposite reactions to previous 

shocks; we therefore aim to replicate the analysis using multiple datasets from several countries. Finally, a 

third gap in this new literature that we investigate is whether subjective and objective resilience capacities 

have similar or different determinants. In this case, we assume that psychological aspects of strength and 

resilience might be affected by different explanatory variables than assets, livelihoods, and food security.  

 

In this paper, we employ 13 datasets from 9 countries. We make use of 16,402 to 24,516 household 

observations depending on how we specify the sample (more details are provided in Section 2). Although we 

recognize the high level of regional homogeneity of our datasets, we are confident that the statistical power 

gained ensures adequate certainty in our findings. A basic assumption of this paper is that we consider RIMA 

and SERS as reliable measures of objective and subjective household resilience capacities.  

 

This paper is organized as follows: in Section 2, we describe the data, sampling criteria, and summary 

statistics. In Section 3, we present the methods for constructing key variables and the empirical design used 

in our estimation strategies. In Section 4, we present our results and robustness checks. Section 5 discusses, 

and Section 6 concludes.  

 

2. Data 

This paper employs data from 13 household surveys conducted by the United Nations Food and Agriculture 

Organization (FAO) in Burkina Faso, Niger, Mali, Somalia, the Democratic Republic of the Congo (DRC), 

Uganda, Ethiopia, Nigeria, and West Bank and Gaza Strip (WBGS) from 2016 to 2019 for a cross-country 

analysis at the household level. These datasets contain both the RIMA and the SERS module. The SERS 
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module generally consists of 10 generic shock questions and 3 specific shock questions. Responses range from 

1-5 on a well-tested Likert scale, where a higher score signifies a higher level of perceived resilience (Jones, 

2017). For this analysis, responses recorded on a 1-4 Likert scale have been rescaled to 1-5.1 The generic 

shock questions are meant to capture the multidimensionality of resilience by covering 10 resilience related 

capacities (see Table 1). The generalisability of these questions makes it possible to apply them across several 

contexts (Jones & Tanner, 2016). The limitation of these generic question is that they do not disentangle 

resilience to particular hazards (Jones, 2018). In contrast, the specific shock questions explicitly ask the 

respondent to consider a specific event (see Table 2). Another key distinction between the general and specific 

shock questions is that the latter has an added time perspective to the questions, which may help reduce recall 

bias (Jones, 2017). These differences on event specificity and time perspectives between the generic and the 

specific shock questions may influence respondents’ understanding of and response to each question, which 

in turn may affect the comparability of responses to perceived resilience (Jones & Tanner, 2016).  

 

                                                             
1 This is the case for DRC and Somalia. 
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Sample 

We divide the observations into three samples: 1) drought specific shock respondents, 2) specific shock 

respondents (drought, rain, and flood), and 3) generic shock respondents (see Table 3). Our preferred sample 

consists of 16,402 households that have responded to three drought specific shock questions. The drought 

specific sample is preferred to that of households responding to the 10 generic shock questions because shock 
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specific questions are less ambiguous and easier to comprehend, and therefore more likely to provide 

responses that are more robust (Jones and Tanner, 2016). Our second sample expands from our preferred 

sample by including households that responded to three extreme rain and/or three extreme flood specific 

questions (which are slightly differently framed than the drought specific questions), making up 24,516 

households.2 Our third sample consists of households that responded to 10 generic shock questions, making 

up 19,425 households.3 We consider the second (specific shock) sample and the third (generic shock) sample 

to be less accurate than the main preferred sample for the reasons mentioned above, and we will therefore use 

these samples for robustness checks in Section 4. 

Table 3: Samples 

Country Year 
Sample 1 

(drought shock) 

Sample 2 

(specific 

shock) 

Sample 3 

(generic 

shock) 

Burkina Faso 2019 √ √ √ 

Mali 2019 √ √ √ 

Niger 2019 √ √ √ 

Nigeria 2018 √ √ √ 

Ethiopia 2019 √ √ √ 

Uganda (Karamoja) 2016 √ √ √ 

Uganda (Karamoja) 2019 √ √ √ 

Uganda (North) 2017 √ √ √ 

Uganda (North) 2018 √ √ √ 

Somalia 2019 - √ √ 

DRC 2017 - √ - 

DRC 2019 √ √ √ 

WBGS 2019 - √ √ 

 

The specific shock responses from Somalia and DRC have been rescaled from a Likert scale of 1-4 to a Likert 

scale of 1-54, and were slightly differently asked than other specific shock questions (see Table 2). Due to 

missing data on total number of shocks experienced in Burkina Faso, Mali, Niger, and WBGS, these countries 

have been excluded from our estimation of our second research question investigating the relationship between 

total number of shocks experienced and RIMA and SERS.  

 

Summary Statistics 

Our preferred sample consists of 16,402 households, out of which 21.6% are female headed (see Table 4). 

Household size does not significantly vary across the samples, with an average of 7 members. The average 

years of schooling for the household head is 2.9 in our preferred sample, compared to 3.6 and 3.5 years in 

other samples. The vast majority (83.7%) has experienced at least one shock in the past 12 months. Sample 2 

and sample 3 only slightly deviate from these percentages (19.3% and 88.5%, and 20.6% and 85.4% 

respectively). Out of the three samples, the preferred one has the lowest SERS of 2.3, compared to 2.5 and 2.7 

for sample 2 and sample 3, respectively. In contrast, the preferred sample has a significantly higher RCI (of 

43) than sample 2 and sample 3 (41.0 and 42.6 respectively).  

                                                             
2 The observations are double counted for DRC 17 (rain and flood), and DRC 19 (drought and flood) 
3 WBGS does not have shock module and is therefore excluded from sample 3 (along with Burkina Faso, Mali, and Niger as they 

lack data) when analysing RQ2, making the sample total 13,062 observations 
4 Formula used: ((4*(x- x_min))/x_max-x_min))+1 
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3. Methods and Empirical Design 

Methods 
For exploring the RQs we employ several dependent variables which are presented here. 

 

SERS 

The Self-Evaluated Resilience Score (SERS) is a score based on responses from 1 to 5 on a well-tested Likert 

scale on either 3 shock specific questions or 10 generic shock questions. The generalisability of SERS is useful 

as it can be applied to several contexts to derive information on the extent to which various threats may affect 

household resilience (Jones & Tanner, 2016). The higher the SERS, the more strongly the respondent agrees 

with statements aimed at capturing resilience capacities such as “My household can bounce back from any 

challenge that life throws at us,” and the more resilient the respondent is considered to perceive themselves to 

be. In this paper, the SERS has been constructed as an equally weighted average of the responses. While this 

method may be subject to methodological weaknesses, one must bear in mind that it is likely that any 

weighting of the responses to the subjective resilience questions will have its assumptions and weaknesses 

(Jones & Tanner, 2016). Following, SERS has been rescaled from 1-5 to 0-100 in regressions to allow for a 

more nuanced comparison across countries, reflected as “SERS 100” in the tables. 

 

RIMA 

RIMA’s Resilience Capacity Index (RCI) unpacks resilience into four “pillars”: Assets (AST), Access to Basic 

Services (ABS), Adaptive Capacity (AC) and Social Safety Nets (SSN). These pillars are considered latent 

variables and are made up of at least three indicators each which have been combined using factor analysis at 

the first stage. Following, the RCI is estimated by adopting a Structural Equation Model (SEM) at the second 

stage (FAO, 2016). Contrary to the latest iteration of RIMA (RIMA-II), the RIMA score used in this paper is 

not tied to a specific outcome to allow for a better comparison with SERS, which is similarly focused on the 

multidimensional aspect of resilience (Jones & d’Errico, 2019). The RIMA scores are normalized to a scale 

of 0-100.  

 

Food Security 

Food security is measured through three main indicators: the Food Consumption Score (FCS), the 

Household Dietary Diversity Score (HDDS), and food expenditure. The FCS is a composite score based on 

dietary diversity, food frequency, and relative nutritional importance of different food groups consumed in a 

week, whereas the HDDS is a total score of the number of certain food groups the household consumed in a 

week. Food expenditure is measured on a weekly level in US dollars.  

 
Empirical Design  

The first research question we address is whether the objectively evaluated (RIMA) and the subjectively 

evaluated (SERS) measures are possible substitutes. To check for consistencies and differences between 

RIMA and SERS we first use simple descriptive statistics, comparing average values and trends; results are 
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presented in Table 6-6.2 in Section 4. We then unpack the descriptive statistics by different demographic 

characteristics, such as gender of household head and level of dependency ratio, and five levels of objective 

resilience (where the bottom quintile of the RCI distribution is labelled as very weak resilience, and the top 

quintile as very strong resilience). Following, we conduct Hotelling’s T-squared test on the differences in 

RIMA and SERS between these categories. Results are presented in Table 11-11.2 in Section 4. We estimate 

the relationship between RIMA’s RCI and SERS using Ordinary Least Squares as per Eq. (1): 

 

                                                                  𝑅𝐶𝐼 =  𝛼0+𝛽1𝑆𝐸𝑅𝑆𝑖𝑡+𝛽2𝑋𝑖𝑡+𝜀𝑖𝑡     (1) 

 

We then run Eq. (1) with and without covariates, as a normal OLS, and as quantile regressions of the 25 th, 

50th, and 75th percentile, with the hope of capturing variation in the causal relation along the distributions 

(results in Table 7-8 in Section 4). Finally, we benchmark the SERS against a widely recognized measure of 

food security, the Food Consumption Score, to investigate if and to which extent this may drive the trend of 

SERS. Basic descriptive statistics enabled us to show consistencies and inconsistencies with people’s 

perception and quantified level of food security. Results are presented in Table 9, Section 4. 

 

The second research question we address is whether and how the number of total shocks experienced by a 

household relates to RIMA and SERS, using the following specification for household i at time t; 

 

𝑌 =  𝛼0+𝛽1𝑆ℎ𝑜𝑐𝑘𝑠𝑖𝑡+𝛽2𝐶𝑜𝑝𝑖𝑛𝑔𝑠𝑡𝑖𝑡+𝛽3𝑋𝑖𝑡+𝜀𝑖𝑡    (2) 

 

where the dependent variable is in separate regressions, as described above, the Resilience Capacity Index 

(RCI) and the Self-Evaluated Resilience Score (SERS)5. Shocks is a variable on the number of shocks a 

household reported experiencing in the last 12 months.6 Copingst is a categorical variable on strategies 

household used to cope with drought. If the household did not experience a drought, the variable is coded as 

0. X is a set of characteristics for which we control, such as household size, country, type of livelihood (farmer, 

agro-pastoralist/pastoralist, urban, and other where farmer is the base group), gender of household head, 

number of years of education of household head, and dependency ratio. Where RCI is the outcome variable, 

we exclude education and dependency ratio as controls to avoid potential collinearity.  

 

Eq. (2) is also employed to respond to the third research question, i.e., if the determinants of subjective and 

objective resilience differ. Finally, we conduct robustness checks on our results by using sample 2 (households 

responding to specific shock questions) and sample 3 (households responding to generic shock questions). 

  

4. Results  

For our first research question, we found that there are heterogeneous patterns between the level of objective 

and perceived resilience. However, the correlations between SERS and RIMA for all countries (except for 

Ethiopia) in our preferred sample are positive, ranging from 0.04 to 0.26 (see Table 5). The direction of the 

correlations is heterogeneous once we disaggregate observations by level of resilience capacity index. With 

few exceptions (Niger and Uganda Karamoja 2016), there is not a consistent pattern of direction in the 

correlation matrix. The only pattern we may spot – and only considering the datasets aggregated – is that the 

correlations between SERS and RCI are negative in the bottom part of the RCI distribution and positive in the 

upper part, and that the average value of SERS increases consistently (from 2.175 to 2.507) with increases in 

level of RCI (from 21.889 to 66.719) (see Table 6). Overall, the most noticeable finding is that the level of 

correlation is normally extremely low. This advised us to engage with Eq. (1) to further investigate the casual 

relation between RCI and SERS.  

                                                             
5 We also ran Eq. (2) with the Food Consumption Score (FCS), the Household Dietary Diversity Score (HDDS), and total and per 

capita food expenditure as the dependent variable but did not find any significant or consistent patterns. 
6 We also added squared terms on total number of shocks experienced and household size to allow for a higher number of shocks 

and larger household size to have a greater impact, but we did not find any coherent patterns.  



AJER, Volume 10 (5), December 2022, Marco d’Errico & Karina Lisboa Båsund 
 
 

8 

 

 

 

 
 

 

 



African Journal of Economic Review, Volume 10 (5), December 2022 
 

9 
 

From running Eq. (1) with and without covariates, as a normal OLS, and as quantile regressions of the 25th, 

50th, and 75th percentile (i.e. mimicking the results shown by the correlation matrix), we can report that the 

positive causal relation between SERS and RCI (and vice versa) follows a positive pattern, increasing in size 

of magnitude as the resilience capacity grows (see Table 7). Even when controlling for various covariates, the 

results do not change (see Table 8). 

 

 
 

 
 

We finally benchmarked SERS against FCS and RCI to see how subjectively perceived resilience relate to 

food security outcomes and objectively measured resilience, and we noticed some differences in the direction. 

In particular, we find that for our preferred sample, all datasets except for the one follow the same direction, 

where a higher food security score is related to a higher SERS (see Table 9).  
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The number of discrepancies from this positive trend increases to 4 out of 15 datasets when using sample 2, 

and 4 out of 12 datasets when using sample 3. In Mali, people perceive themselves and their family as more 

resilient, although they seem, from a food security point of view, less well-off. The only result vis-à-vis our 

first research question that we feel confident to defend is that the correlation and the causal relation between 

SERS and RCI increase proportional to the increase of resilience (see Table 6). We therefore cannot conclude 

that the two resilience capacity measurements are interchangeable. For our second research question, we find 

that having experienced more shocks has 1) a positive effect on objectively evaluated resilience (RCI) and 2) 

a negative effect on perceived resilience (SERS) (see Table 10).  

 

 
 

This contrast in the direction of the effect suggests that the two resilience measurement approaches capture 

different aspects of resilience. On the one hand, the finding that objective resilience increases in response to 

having experienced more shocks may suggest that households receive more support or even financial 

assistance7, whereas the finding that subjective resilience decreases as a household experiences more shocks 

may reflect a loss of confidence in their own capacity to withstand shocks over time. RCI and SERS increase 

with the years of education the household head has and the size of the household/family, suggesting that 

having more knowledge and options available and more people you can rely on in case of need could play a 

role for perceived resilience. The magnitude of the coefficients on years of education of household head and 

household size otherwise decreases if coping mechanisms are put in place, suggesting that the households 

deteriorate their assets and/or mental strength. We see similarly that resilience decreases if the household has 

a greater dependency ratio (larger non-active population vs. active population of the household), and if the 

household head is female. 

                                                             
7 To consider the possibility that the positive effect of number of shocks experienced on RCI is due to increased amount of aid to 

the households, we ran Eq. (2) with value of formal and informal transfers received as dependent variables, discussed in Section 5 

. 
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For our third and last research question investigating other determinants of RIMA and SERS, we found some 

interesting results. We notice that the role of the adoption of coping strategy, gender of household head, and 

household size have the same direction and almost the same magnitude of effect for both SERS and RCI (see 

Table 10). However, differences emerge for the other explanatory variables. Experiencing shocks increases 

RCI and reduces SERS. When we control for country, we notice a change in direction and magnitude, which 

we believe reflects the context specificity of perceived and objective resilience capacity. Finally, looking at 

livelihoods, we note that working in urban areas translates into greater objective resilience and even greater 

perceived resilience. We comment on these results in Section 5.  

 

Robustness 

We know that our findings might be biased for several reasons. As explained before, minor differences in the 

way questions are framed might lead to differences in comprehension and reporting. Therefore, we want to 

test whether our findings are also valid using several types of questions, such as the generic shock questions 

(sample 3). We also make use of the other event-specific questions (sample 2) as an additional robustness 

check. This sample extends our preferred sample by including responses to questions on the following event-

specific shocks: extreme rain, extreme flood, and electric power cuts. Furthermore, given that there might be 

differences in livelihoods and other demographic characteristics that explain the consistency between SERS 

and RIMA, we tested by disaggregating the summary statistics of each sample by various categories and 

conducting Hotelling’s T-squared test on the differences before comparing across the three samples (see Table 

11-11.2).  

 

For our first research question, we see that all samples follow the same pattern where SERS is low for low 

levels of RCI, and gradually increases as the level of RCI increases (see Table 6-6.2). Similarly, all samples 

have weak correlations between SERS and RCI, supporting the conclusion that correlations do not follow any 

clear pattern. The quantile regressions of the 25th, 50th, and 75th percentile of sample 2 and sample 3 are 

consistent with direction, size, and significance of the coefficient results from our preferred sample (see Table 

7-7.2).
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For our second research question, we find that those who have experienced at least one shock are on average 

significantly less resilient than those who experienced no shock, and this pattern holds for the third sample, 

i.e., the respondents of generic shock questions. The difference in SERS between those who experienced no 

shock and those who experienced at least one shock is not significant for sample 2, driven by the presence of 

DRC 19 in the sample (see Table 11-11.2). This discrepancy can partially be explained by the fact that the 

framing of the subjective resilience module questions in DRC are slightly differently framed, where 

respondents are asked to rank the likelihood from 1-4 of overcoming a challenge (as opposed to being asked 

to rank the extent to which they agree with a statement from 1-5). The scores for DRC have therefore been 

rescaled to 1-5 before SERS was calculated for consistency, but notably the nature of the SERS composition 

for DRC is fundamentally different. Regarding demographic characteristics, we find that female headed 

households on average perceive themselves to be significantly less resilient than what male headed households 

do. This pattern is consistent across all three samples. In our preferred sample, households with a dependency 

ratio below 50 (on a 0-100 scale where 100 is the largest burden) perceive themselves to be significantly more 

resilient than household with a dependency ratio above 50. In contrast, we find the opposite trend for sample 

2 and sample 3, i.e., those with the larger burden perceived themselves to be more resilient. However, once 

DRC 19 is dropped from sample 2 and sample 3, the trends are the same as that of our preferred sample. 
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Finally, we investigate whether the household’s FCS (which is part of RIMA) is consistent with SERS. We 

find that in our preferred sample, those with a non-acceptable FCS (i.e., less than a score of 35) have 

significantly lower SERS than those with acceptable FCS (above 35). Again, while this trend is opposite for 

sample 2 and sample 3 (i.e., those with non-acceptable FCS have higher SERS), once DRC 19 is dropped 

from these samples, the finding of our preferred sample is consistent with sample 2 and sample 3. Finally, we 

find a positive effect of number of total shocks on SERS for sample 2 and sample 3, in contrast to the negative 

effect total shocks had on SERS for sample 1 (see Table 10-10.2). This opposite trend is not surprising, since 

for sample 3 the questions are very differently framed, whereas for sample 2, the effect is positive and 

consistent with those derived from our preferred sample once we drop DRC 19 from the sample for the reasons 

explained above.  
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5. Discussion 

We were specifically interested in understanding whether the SERS module (which is short and rapid) can 

complement or substitute a more thorough data collection in rapid emergency scenarios. The results presented 

above show very weak correlation and causal relation. Although subjective resilience tends to increase 

proportionally to the growth of resilience capacity, this is not enough to suggest that RCI and SERS can be 

adopted as substitutes. In other words, we are not confident that the results obtained with SERS are capturing 
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the objective combination of quantifiable assets and endowments that fall within the RIMA analytical 

framework. On top of this, when considering the possibility of employing SERS for rapid assessments, we 

must also notice that perceptions might change according to the climate and tensions that the respondent is 

experiencing. The results in Table 9 reinforce our convincement that what contributes to resilience in one 

community may not have the same effect in another (Jones & Tanner, 2016).  
 

With regards to shocks, it is interesting to notice that the more shocks a household reports having experienced, 

there is an increase in RCI but a decrease in SERS. While an increase in RCI due to having experienced more 

shocks may seem counterintuitive due to loss of assets etc., it may suggest that these households also received 

more transfers. To check for this, we regressed formal and informal transfers on total shocks and other 

household characteristics and found that total shocks had a significant and positive effect on informal transfers, 

which in turn is included in the RIMA approach to estimate RCI (see Table 12). The decrease in SERS due to 

experiencing shocks we associate with an element of social psychological stress (Béné et al., 2019). When 

people face more than one shock, besides the quantifiable effects on their assets and possessions, the internal 

will, strength, and overall capacity to resist may well be deteriorated if not completely lost (Carter et al., 2007). 

This is an element, we believe, that highlights the relevance of collecting both SERS and RIMA to investigate 

root causes of food security and resilience. We believe that this finding is particularly relevant for food crisis 

and protracted crisis countries (Pingali et al., 2005). For instance, the finding that in Mali people may perceive 

themselves and their family as more resilient despite being less food secure, highlights the risk of misaligning 

targeting criteria (based on food security indicators) with people’s perceived resilience capacity to react to 

shocks. We believe this is an important finding because people's capacity to react depends on how they see 

themselves in comparison to other, vis-à-vis the violence or frequency of shocks, self-esteem, informal social 

networks, roles and positions within their own community, and several other intangible aspects that cannot be 

measured by objective metrics (Silbert & Useche, 2012). Our results, however, show this discrepancy in one 

case only (Mali) which becomes 4 cases when using the specific shock and generic shock module. This is not 

enough to conclude that certainly SERS captures things that RIMA does not, but it is enough to suggest that 

it may, and is worthy of further exploration.  
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Finally, we note the separate roles played by context and livelihood in explaining SERS and RCI. Our findings 

show that working in an urban context is associated with greater objective and subjective resilience. This is 

explained by having greater access to (normally better) basic services, being able to receive support, being 

easily reachable by international assistance, being more connected with formal and informal social networks, 

and experiencing less direct impacts of shocks (Da Silva et al., 2012; Jones & Tanner, 2017).  

 

6. Conclusion 

This study was conducted to better understand how subjectively evaluated measures of resilience compare 

and relate to objectively evaluated measurement tools. The data employed are from 13 data collections, 

containing a module on the Subjective self-Evaluated Resilience Score (SERS) and the objectively evaluated 

RIMA measurement, the Resilience Capacity Index (RCI). This paper contributes to the literature on like-for-

like comparison studies on subjective and objective resilience measurement tools, using a cross-countries 

analysis with great statistical power. This paper finds that the correlation and the causal relation between SERS 

and RCI is proportional to changes of resilience, but overall, these correlations are weak and not consistent 

across countries. We therefore cannot conclude that the two resilience capacity measurements are 

interchangeable. The second contribution of this paper is to investigate underlying determinants of RIMA and 

SERS, and to consider the role of past shocks on resilience capacities. We find that while several determinants 

have the same direction and almost the same magnitude of effect for both SERS and RIMA, the effect of 

having experienced past shocks on these resilience capacity measurements differ, whereby SERS is reduced 

and RCI increases. We therefore conclude that SERS and RIMA are not substitutes, and that in fact they may 

be capturing several aspects of resilience capacities. This is important to consider when designing targeting 

criteria for resilience-building projects. In particular, there is a need to better understand which questions on 

subjective resilience give value for analysis, and which projects could benefit from including questions on 

subjective resilience. Finally, we conclude that SERS cannot be employed in rapid assessments as a substitute 

to RIMA to capture resilience. We otherwise suggest that both clarify resilience characteristics and, ultimately, 

some aspects that contribute to maintaining food security. In reflecting on the implications of these findings, 
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it is important to bear in mind that the contexts in which respondents found themselves differs greatly across 

the countries involved in this study. Future work is needed to better understand how to deal with such context-

specificity (Jones & d’Errico, 2019). In particular, the SERS could serve as a basis for developing a qualitative 

tool to capture context specific aspects and act as a supplement to quantitative methods. In addition, this study 

would benefit from using panel data to better track changes over time with respect to the effect of past shocks, 

perceived resilience, and future resilience capacity.  
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