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Abstract 

This paper interrogates the intersection of cross-lingual deepfake technologies and linguistic inequities 

in African media. Through digital forensics, critical algorithm studies, and postcolonial theory, it 

demonstrates how synthetic speech models-predominantly trained on Global North linguistic corpora-

exacerbate the marginalization of African vernaculars. Drawing on case studies from Nigeria, Ghana, 

Mali, and South Africa, the paper shows how cross-lingual deepfakes reinforce colonial language 

hierarchies, threaten digital sovereignty, and undermine local media ecologies. The conclusion offers 

solutions for policy, governance, and technology to combat these growing inequalities. 
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INTRODUCTION 

During the last days of campaign in the last election cycle in Nigeria in 2023, my phone buzzed 

with a message on WhatsApp. It was a video, circulated by a family member, of a local 

politician speaking in Igbo, urging people to boycott polling stations until there was a 

referendum conducted in South East, Nigeria. Something about the cadence of his voice and 

the movement of his lips felt off. A quick search later revealed it was a deepfake, an old video 

with a manipulated audio track, but not before it had already been shared thousands of times 

in Igbo communities. This incident was a small, personal glimpse into a much larger global 

problem: how new technologies, far from being neutral, are being weaponized to erode trust 

and manipulate public discourse.  

 

The rise of cross-lingual deepfake technologies signals a significant shift in global digital 

communication. But as these tools promise broader accessibility, we must ask: at what cost? 

Their deployment in African media spaces reveals a troubling reality, exposing deeper 

structural concerns that threaten to replicate historical injustices. The dominance of Western-

centric linguistic data, combined with limited policy safeguards in many African states, has 
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fostered a new form of technological imperialism: algorithmic colonialism (Birhane, 2021; 

Effoduh et al., 2023). Here, machine learning systems reinforce historical patterns of linguistic 

marginalization, privileging English and French while underrepresenting Africa’s vast 

linguistic diversity (Joshi et al., 2020; Adelani, 2022). 

Cross-lingual deepfakes inherit the colonial infrastructures of invisibility encoded in language 
hierarchies (Mignolo, 2011). Without conscious intervention, epistemic, policy-driven, and 
technical, they risk reinscribing the very dynamics of domination they purport to transcend 
(Ngũgĩ wa Thiong’o, 1986; Wiredu, 1995). The structural marginalization of African languages 
in cross-lingual deepfake pipelines is not incidental but historically sedimented. It reflects 
what Walter Mignolo (2011) terms the coloniality of knowledge, the enduring patterns of 
knowledge production and validation established during European colonial domination. In 
the computational context, these patterns manifest through the privileging of English and a 
handful of European languages in Natural Language Processing (NLP) corpora, while African 
languages are relegated to the periphery, if included at all (Kraemer-Mbula et al., 2020). 

Ngũgĩ wa Thiong'o (1986), in Decolonising the Mind, argued that language is more than a 
communication tool, it is the carrier of culture, memory, and epistemic sovereignty. When 
African languages are excluded from training datasets, what is effaced is not merely 
vocabulary but entire ontologies - ways of knowing, narrating, and interpreting reality. This 
digital effacement constitutes a form of digital colonialism wherein machine learning systems 
silently inherit and reproduce the linguistic hierarchies forged in imperial contexts (Adelani, 
2022; Muhammad et al., 2025). 

Most foundational NLP models, such as mBERT, XLM-R, and Whisper, are trained 
disproportionately on data-rich Western languages. Studies show that over 85% of pretraining 
data for such models are English-centric or Eurocentric (Joshi et al., 2020). The linguistic 
capital of African languages, spoken by millions is thus rendered computationally invisible, 
creating a dual-layered harm: (1) technical exclusion from AI applications and (2) epistemic 
subordination to dominant discourses (Parvess, 2023). 

These imbalances are not neutral; they are colonial residues encoded in data infrastructures 
(Birhane, 2021). For instance, when deepfake systems trained on multilingual models fail to 
convincingly synthesize or detect speech in Yoruba or Igbo, they reproduce a form of 
computational illegibility (Ezeani et al., 2022). This inability is not due to technical complexity 
per se but due to the deliberate historic underinvestment in the digitization of African 
linguistic resources, rooted in colonial linguistic policies that demoted indigenous languages 
to “vernaculars” lacking scientific or administrative legitimacy (Ngũgĩ wa Thiong’o, 1986). 

Despite growing discourse on algorithmic bias, there remains limited empirical research 
linking cross-lingual deepfake technologies to the reproduction of linguistic inequities in 
African media contexts (Adelani, 2022; Effoduh et al., 2023). Existing studies primarily 
address either deepfake detection or general AI ethics, with scant focus on the intersection of 
multilingual AI pipelines, postcolonial theory, and digital sovereignty (Muhammad et al., 
2025). This study bridges that gap by combining digital forensics, computational linguistics 
analysis, and postcolonial critique to expose how Western-trained deepfake models 
structurally marginalize African vernaculars. It advances the field by framing artificial media 
targeting African languages not only as technical artefacts but also as socio-political 
instruments that perpetuate colonial-era language hierarchies, an angle largely absent in 
current literature (Mignolo, 2011; Birhane, 2021). 
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Algorithmic Colonialism and Linguistic Hegemony 

Algorithmic colonialism refers to the ways in which algorithmic systems, designed largely in 

and for the Global North, impose epistemic, cultural, and linguistic hierarchies on less 

technologically dominant regions. Unlike earlier phases of colonial imposition, which 

operated through territorial conquest or cultural assimilation, this imposition of algorithmic 

power manifests through technical infrastructures and data asymmetries (Birhane, 2021). 

Despite the high number of languages spoken in sub-Saharan Africa, less than 0.1% of the 

data used to train large AI models comes from the region (Joshi et al., 2020). As a result, when 

these models are deployed in African media through deepfake or cross-lingual content 

adaptation, the outputs often erase or misrepresent the phonetic, tonal, and cultural nuance 

of indigenous speech. This asymmetry reinforces colonial linguistic hierarchies and 

demonstrates how these systems perpetuate historical patterns of marginalization. 

Figure 1: Conceptual Framework 

 

As Figure 1 above illustrates, the path from colonial policy to algorithmic outcomes is not a 

linear one; it is a feedback loop where the original linguistic hierarchies of the colonial era are 

not just reflected in the output of deepfake technology, but actively reinforced and deepened 

by it. The choices made in data collection and model design echo colonial power dynamics, 

creating a cycle where indigenous languages are further marginalized and digital 

communication is increasingly dominated by a few hegemonic languages. 

Algorithm Studies and Postcolonial Theory 
The theoretical framework for this paper is rooted in critical algorithm studies and 
postcolonial theory, which provide a lens through which the racial, cultural, and epistemic 
dynamics of algorithmic systems can be critically analyzed. The concept of "algorithmic 
colonialism" is central to this framework, drawing on the works of scholars like Birhane (2021) 
and Mignolo (2011), who explore how digital technologies, particularly those developed in 
the Global North, perpetuate existing power imbalances in the Global South.  
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Cross-Lingual Deepfakes: Technical Affordances and Sociolinguistic Threats 

Cross-lingual deepfakes typically rely on two technological pillars: (a) neural machine 

translation (NMT) systems for text generation, and (b) text-to-speech (TTS) or voice cloning 

systems for synthetic audio generation. When adapted for African contexts, these systems 

often encounter severe bottlenecks: 

• Data Scarcity: Most African languages are missing from commercial NMT and TTS 

datasets. 

• Phonetic Misrepresentation: Western-trained voice models fail to accurately 

synthesize African intonations and click consonants. 

• Sociopolitical Erasure: Defaulting to English or French voices reinforces colonial 

hierarchies. 

A forensic audit conducted on cross-lingual deepfake content distributed across Ghana, 

Nigeria, and Kenya found that over 82% of such videos featured synthesized English audio, 

even when the source audience spoke Hausa, Igbo, or Swahili (Birhane, 2021).  Furthermore, 

several AI dubbing platforms lacked phoneme sets for even major African languages, making 

it technically impossible to generate high-quality localized audio. 

Table 1: Deepfake Language Representation (Sample Audit) 

Country Indigenous Languages % Deepfakes in English % in Local Languages 

Nigeria Hausa, Yoruba, Igbo 85% 15% 

Ghana Twi, Pidgin 80% 20% 

Kenya Swahili 82% 18% 

Source: Birhane, A. (2021). 

Table 1 show a glaring language imbalance in the production of cross-lingual deepfakes in 

three African countries: 

English Dominance: In the three countries combined, the vast majority (80%–85%) of 

deepfakes are made in English, despite major sections of the population speaking only local 

languages such as Hausa, Yoruba, Igbo (Nigeria), Twi, Pidgin (Ghana), and Swahili (Kenya). 

Marginalization of Local Languages: The proportion of deepfakes produced in local 

languages is always low (15%–20%), reflecting extensive underrepresentation of African local 

in synthetic media streams. 

Technical and Structural Barriers: This disparity is not only a matter of audience choice but 

also grounded in technical limitations-such as the lack of sets for phonemes and training data 

for African languages in commercially available AI dubbing tools-as well as structural and 

historical biases in favor of English as the default language of digital material. 

Implications 

The extensive use of English in the deepfake content effectively marginalizes local languages 

by making them invisible on the digital platform and reducing linguistic diversity on the 

internet. Societies mostly consuming media in local languages are more exposed to 

undetected deepfake disinformation, since tools for the detection of non-English content are 

less potent. Evidence is shown to outline how cross-lingual deepfake technologies-that are 
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built on top of the Western-biased data infrastructures-reinforce colonial tendencies of 

exclusion and dominance in linguistic terms. 

Figure 2: Cross-Lingual Deepfake Pipeline 

 

The diagram in figure 2 illustrates how deepfakes are made. It's a three-step process: you 

put in the data, it gets translated, and then a new voice is created. African languages face 

problems at every one of these steps, which makes it harder for them to be used in these 

systems. 

Structural Biases in Cross-Lingual NLP Models 
Contemporary AI systems used for cross-lingual deepfakes, such as mBERT (Devlin et al., 
2019), XLM-R (Conneau et al., 2020), and Whisper (Radford et al., 2022) are often positioned 
as universal language technologies. However, these models are not linguistically agnostic. 
Recent studies confirm that their performance is heavily skewed in favor of high-resource 
languages, leading to significant underperformance when applied to African languages 
(Adelani, 2022; Muhammad et al., 2025). 
 

Multilingual BERT (mBERT), for instance, was trained on Wikipedia dumps in 104 languages. 
However, African languages represent only a minuscule fraction of this data, often lacking 
both volume and linguistic diversity (Sankalp et al., 2024). As a result, mBERT exhibits low 
semantic accuracy in tasks involving morphologically rich or tonal African languages. 

Similarly, XLM-RoBERTa (XLM-R) uses CommonCrawl and other massive web datasets but 
inherits the same skew. While XLM-R attempts to capture more typological diversity, its 
performance sharply declines in low-resource African languages like Twi and Bambara due 
to limited exposure during pretraining (Muhammad et al., 2025; Goswami, 2022). 

OpenAI’s Whisper ASR system, though trained on over 680,000 hours of multilingual audio, 
shows mixed results across African languages. In a performance benchmark assessing 
Whisper’s transcription capabilities on Swahili and Yoruba, Aepli (2024) reports that 
phoneme-level fidelity drops substantially due to lack of training data and Whisper's 
Eurocentric phonotactic assumptions. 
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Technical Implications for Deepfakes 
These limitations have concrete ramifications in deepfake systems. Text-to-speech and voice 
cloning tools built on top of these models inherit their linguistic blind spots. In African media 
contexts, this leads to: 

• Mispronunciations and phoneme distortions, 
• Failure to replicate tone and inflection (critical in languages like Yoruba), 
• Default fallback to English when synthesis fails (Ògúnrẹ ̀mí et al., 2023). 

The technical inadequacy is not neutral. It constrains African content creators' ability to 
localize digital media and undermines credibility in official communications, particularly in 
sensitive domains such as electoral integrity or public health. 

Pathways to Mitigation 
Recent proposals emphasize community-grounded retraining and language-specific fine-
tuning to address this bias. Models like IndicWhisper (Sankalp et al., 2024) offer precedents by 
adapting Whisper to better serve Indic languages, highlighting that similar pathways are 
feasible for African contexts. Additionally, transfer learning techniques where pretrained 
models are fine-tuned using small, annotated corpora of African languages have proven 
effective in boosting performance in low-resource NLP tasks (Parvess, 2023). Frameworks like 
BantuBERTa demonstrate the value of linguistically aligned sub-models tailored for African 
language families (Parvess, 2023). 
Efforts like Mozilla Common Voice and Masakhane are critical not just as data repositories 

but as infrastructure for linguistic sovereignty. They allow local communities to define what 

"linguistic adequacy" means within their own socio-cultural frames. 

Case Studies: Algorithmic Marginalization in African Media 

Nigeria: Deepfake Asymmetries in a Multilingual State 
Nigeria has more than 500 local languages, making it one of the most linguistically diverse 
countries in the world. Despite this, only a handful of these languages are well represented in 
digital tools and media content. In the 2023 general elections, we saw many false videos in 
Igbo, Hausa and Yoruba were posted on Facebook, WhatsApp, TikTok, and Twitter. One of 
such videos falsely showing two men on motorcycles, wielding guns and scattering ballot 
boxes; one of the men appears to have been shot to death by military officers. (CDD, 2023). 
These kinds of fake videos were circulated with little scrutiny or detection, while English 
language fakes were promptly flagged by content moderation systems, including Meta's 
third-party fact-checkers. This discrepancy is not due to user behavior alone but due to the 
lack of linguistic modeling capacity in Nigeria's indigenous languages. Detection models 
trained on Whisper or mBART perform significantly worse on Hausa and Pidgin audio, 
making those communities more vulnerable to deepfake-induced disinformation (Ezeani et 
al., 2022). 
 

Ghana: Pidgin and the Politics of Visibility 

In Ghana, Ghanaian Pidgin and Twi dominate informal and community-level media, yet are 

systematically excluded from NLP pretraining corpora. GhanaWeb and Joy News 

occasionally feature user-generated Pidgin videos, but automated content tagging and 

detection tools often fail to process them. As a result, fake content that was designed in local 

languages may not be detected by AI. The Ghanaian government's National Artificial 

Intelligence Strategy (2023) acknowledges this risk but lacks implementation capacity. 
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Scholars like Kwasi Wiredu have long emphasized the epistemological violence inherent in 

prioritizing English as the sole carrier of modernity, a violence now encoded in AI systems 

that only recognize certain "world languages" (Wiredu, 1995). 

 

Mali: Francophone Bias and the Erasure of Bambara 

Mali presents a different postcolonial profile. As a former French colony, Mali’s official 

language remains French, but Bambara is the most widely spoken language. Despite this, 

Bambara remains grossly underrepresented in NLP datasets and speech corpora. In a recent 

case in 2022, a fake audio clip claiming a coup was underway in Bamako circulated in 

Bambara and was not flagged by Facebook’s automatic detection systems until human 

moderators intervened (Freedom House, 2022). The Francophone-centric bias in African AI 

systems, most of which are trained using EU-funded platforms means that content in 

languages like Bambara or Songhay is computationally invisible. This reinforces what 

Mignolo (2011) frames as epistemic disobedience, where the dominance of the colonizer’s 

language restricts African ontologies from entering the digital sphere. 

 

South Africa: Resource-Rich but Uneven Linguistic Modeling 

South Africa’s eleven official languages offer a rare case of constitutional linguistic inclusivity. 

Yet, computational modeling efforts remain highly skewed toward English and Afrikaans. 

Languages like isiXhosa and Sesotho, though constitutionally equal receive minimal 

representation in speech datasets or deepfake detection tools. Deepfakes mimicking political 

figures in isiZulu or Sesotho can escape automated scrutiny, not because of technical 

impossibility, but due to structural underrepresentation in training data. Community-driven 

projects like “Lalela,” a multilingual voice dataset initiative, represent efforts to counteract 

this bias, but they remain underfunded compared to English-language corpora. The 

imbalance reflects Ngũgĩ’s (1986) warning: when African languages are denied computational 

presence, so too are their epistemologies and cultural contexts. 

 

Table 2: Case Study Comparison 

Country Language Focus Key Issue Impact 

Nigeria Hausa, Yoruba, Pidgin Low detection rates for deepfakes Election misinformation 

Ghana Pidgin, Twi Exclusion from NLP corpora Bypassed content moderation 

Mali Bambara Francophone AI bias Delayed fake audio detection 

South Africa isiXhosa, Sesotho Underrepresentation in datasets Deepfake detection gaps 

Sources: Ezeani et al., 2022; Ghana National AI Strategy, 2023; Mignolo, 2011; Ngũgĩ wa Thiong’o, 1986 

Table 2 provides a comparative overview of how cross-lingual deepfake technologies 

reproduce linguistic inequities across four African countries, each with distinct postcolonial 

and linguistic contexts. 

Algorithmic Colonialism as Structural Epistemic Injustice 

What emerges from these regional cases is a structural pattern of digital extension of colonial-
era hierarchies: Modern AI systems often follow the same language hierarchies set during the 
colonial era, even when they are presented as neutral or objective. By excluding African 
languages from training pipelines, cross-lingual deepfake systems not only reproduce old 
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inequities but also enable new modes of manipulation, especially in environments where 
language determines access to information. 
This exclusion must be understood not merely as a technical limitation but as a form of digital 

coloniality, one that reinforces who gets to speak and be heard in the age of AI. Without 

intentional investments in linguistic inclusion, such systems will continue to re-inscribe 

Africa’s computational dependency on the Global North, denying African societies the means 

to safeguard their own discursive integrity in digital spaces 

Implications for Cybersecurity, Governance, and Digital Sovereignty 

The spread of deepfakes in languages that lack strong digital tools is dangerous. It puts a 
culture's survival at risk and creates serious digital security problems. Key concerns include: 

• Misinformation and Trust Erosion: Low-quality synthetic translations can distort 
original meanings, making it difficult for audiences to trust AI-translated news or 
official announcements. 

• Adversarial Voice Cloning: The absence of robust voice data protections in Africa 
opens up vectors for malicious impersonation and disinformation campaigns. 

• Data Colonialism: African voice data, often scraped without consent, feeds 
commercial models with little to no local benefit, a dynamic reminiscent of extractive 
colonial economies. 

Without the clarity of rules and regulations, the threats become even harder to deal with. 
While the EU and U.S. are exploring watermarking or provenance standards for synthetic 
content, most African states lack both legal infrastructure and technical capacity to audit or 
regulate deepfakes. 

Toward Equitable and Sovereign AI Speech Systems 

A key policy and technical imperative is the development of open-source, culturally grounded 
AI speech systems for African languages. There are a number of new initiatives that signal a 
possible shift: 

• Masakhane: A grassroots NLP community building language datasets and models for 
African languages (Masakhane, 2023).  

• Mozilla Common Voice: Crowdsourcing African voice datasets to enhance low-
resource TTS systems (Mozilla Foundation, 2022).  

• UNESCO's Recommendation on the Ethics of AI: Emphasizes linguistic and cultural 
diversity as central to ethical AI governance (UNESCO, 2021). 

But as we often know, real change requires continuous investment, not only in data but in 
community effort, local infrastructure, and doing research that combines computer science 
with the study of society, language, and decolonial frameworks. 

Counter-Arguments and Multiple Perspectives 
Technological Optimism and Accessibility 
It is often argued that cross-lingual deepfake systems offer new forms of media accessibility 
for linguistically diverse societies. Proponents highlight the potential for broader content 
reach, especially where local dubbing infrastructure is absent. Partial language support, even 
if imperfect, is viewed as a step forward in democratizing information dissemination (Meeus 
& Moens, 2024). 
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Critical Response:  
While the intentions behind these tools are good, a critical view reveals that bad translations 
and fake voices in local languages can lead to new misunderstandings or cultural mistakes. 
When the focus is on making things big and fast instead of making sure the language is 
accurate, these systems might unintentionally cause harm. As Radford et al. (2022) caution, 
poor model generalization in underrepresented languages is not merely an inconvenience; it 
is a structural failure that risks erasing linguistic nuance. 
 
 “Data Scarcity” as a Convenient Justification 
AI developers often explain away the poor performance of NLP systems on African languages 
with a convenient excuse: 'data scarcity.' But this framing is misleading; it completely obscures 
the political economy of resource allocation and the decades of infrastructural neglect that 
created this 'scarcity' in the first place. As Muhammad et al. (2025) argue, low-resource status 
is not intrinsic to these languages but a consequence of decades-long infrastructural neglect. 
Berrimi (2024) further critiques this narrative, noting that resource constraints are often 
weaponized to justify continued focus on English and French. 
 
Rebuttal:  
Treating African languages as inherently “low-resource” reinforces their marginalization. 
What is needed is a shift toward data justice, investing in equitable data collection, 
community-led annotation, and ethical model deployment (Adelani, 2022). 
 
Cultural Pragmatism: The Preference for English 
A third counterpoint posits that African audiences themselves favor English in digital 
contexts, especially for education and international communication. While this reflects 
elements of pragmatic choice, it must be understood within historically constructed 
constraints. According to Ògúnrẹ ̀mí et al. (2023), what appears as linguistic preference often 
emerges from unequal access to tools, interfaces, and content in local languages. 
 

Rebuttal:  

Preference under constraint is not the same as free choice. Epistemic coercion occurs when 

systems nudge users toward hegemonic languages due to lack of alternatives. Therefore, user 

preference metrics must be interpreted alongside linguistic availability, interface design, and 

digital literacy barriers 

 
Situating Algorithmic Colonialism in a Global Governance Landscape 
The marginalization of African languages in AI systems is not an isolated failure of 
engineering; it is symptomatic of broader governance asymmetries in global AI development. 
The governance of artificial intelligence has increasingly been scrutinized by international 
organizations, regional coalitions, and national governments seeking to mitigate algorithmic 
harms while advancing digital sovereignty (Krasodomski et al., 2024). Yet, most governance 
frameworks, including the OECD AI Principles and the EU AI Act are designed with 
Eurocentric epistemologies and infrastructural capacities in mind. Consequently, they often 
overlook the linguistic, cultural, and political contexts of the Global South. 

African scholars have argued that dominant AI governance paradigms implicitly prioritize 
the needs and worldviews of high-resource countries, reinforcing neocolonial dynamics 
under the guise of “universal” technical standards (Effoduh et al., 2023). In response, 
emerging research emphasizes the need to decolonize AI governance by foregrounding 
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African cultural, linguistic, and epistemic realities in both policy design and technological 
infrastructure (Ayana & Dese, 2024). 

Regional Mechanisms and Pan-African Initiatives 
Several African-led and regionally anchored efforts are now seeking to reshape AI governance 
from within the continent. The African Union (AU) has started talking about data sovereignty 
and AI regulation for the continent, with the goal of matching them up with its wider Agenda 
2063 goals. As documented by Nwafor (2025), the AU’s policy arm has emphasized the 
imperative to integrate linguistic inclusivity and cultural contextualization into continental AI 
frameworks, particularly through its work on digital identity systems and smart governance. 

Complementary efforts have emerged from national initiatives in countries such as Kenya, 
Nigeria, and South Africa, which have begun crafting draft AI strategies that reference both 
language preservation and indigenous data ownership. However, implementation remains 
uneven due to resource constraints, infrastructural gaps, and fragmented policy environments 
(Govenden & Mwaura, 2024). 

Significantly, grassroots and civil society actors have played a catalytic role. Initiatives like 
Masakhane (2023), which operates as a decentralized, community-driven research group for 
African NLP, and Mozilla’s Common Voice Africa, have become blueprints for open, 
collaborative, and culturally grounded data governance models (Kraemer-Mbula et al., 2020). 
These efforts not only challenge dominant narratives around African technological 
dependency but actively reconfigure what participatory AI development can look like. 

Global Collaboration and Accountability 
Although regional efforts are crucial, scholars caution against isolating African AI governance 
from global discourses. Instead, what is needed is a relational model of AI governance, one 
that recognizes the interdependencies between global digital infrastructure and local 
linguistic agency (Mensah, 2024). This involves not only capacity-building and technology 
transfer, but also enforcing accountability mechanisms that compel global AI developers to 
respect data sovereignty, linguistic justice, and regional autonomy. 
 
Such proposals resonate with calls by Chatham House for embedding pluralistic and 
multilingual ethics in global AI treaties (Krasodomski et al., 2024), as well as recent critiques 
of “universal AI” models that fail to accommodate epistemic diversity (Ayana & Dese, 2024). 
Bridging these governance levels from the global to the local, requires embedding African 
voices in international standards bodies, including ISO, ITU, and UNESCO’s AI ethics 
working groups. 

Toward a Decolonial AI Governance Framework 
To prevent digital tools from repeating the same language exclusions created during colonial 
times, AI policies should prioritize African languages and involve local linguists, 
technologists, and community groups in their design. This demands: 

• Mandating linguistic representation in AI benchmarks, 
• Creating cross-border African AI research coalitions, 
• Institutionalizing cultural consultation protocols in global model training (Ezugwu et 

al., 2025), 
• And reinforcing local content policies in platform governance. 
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Ultimately, reimagining governance around these pillars enables the transition from new 

form of digital colonialism to algorithmic pluralism, where the African continent is not merely 

a site of consumption or extraction, but one of design, critique, and innovation. 

CONCLUSION 
Looking at cross-lingual deepfakes in African media, it’s clear they are not just a technical 
issue. The way they work often repeats old patterns of language dominance, carrying forward 
biases rooted in the colonial era. This paper has demonstrated that, far from being neutral 
tools, cross-lingual deepfakes inherit and amplify linguistic hierarchies established during the 
colonial era-privileging English, French, and other European languages while rendering 
African vernaculars computationally invisible. Through empirical case studies from Nigeria, 
Ghana, Mali, and South Africa, this research has shown that the technical and epistemic 
marginalization of African languages is deeply rooted in the design of data pipelines, the 
scarcity of annotated corpora, and the Western-centric priorities of global AI firms. The 
consequences are tangible: misinformation in indigenous languages often spreads unchecked, 
while deepfake detection and content moderation systems fail to serve the linguistic realities 
of African societies. It means that whole communities are now more exposed to being tricked 
online, and the culture and knowledge of African nations are being weakened. 

This is not an accident of technology; it's the result of old problems like a lack of investment, 
historical exclusion, and the ongoing effects of what Mignolo called the “colonial knowledge.” 
When African languages are omitted from training data, it is not just vocabulary that is lost, 
but entire worldviews, histories, and ways of knowing. The computational erasure of these 
languages constitutes a new form of technical manifestation of historical inequities, one that 
operates through code, data, and digital infrastructure rather than overt political domination. 

Yet, the future need not be predetermined by these colonial residues. As highlighted in this 
paper, a growing ecosystem of community-led initiatives-such as Masakhane (2023), Mozilla 
Foundation (2022) Common Voice, and Lalela-demonstrates the possibility of a different 
trajectory. These projects, rooted in local agency and open collaboration, are actively working 
to build inclusive datasets, develop culturally resonant models, and challenge the extractive 
logic of mainstream AI development. Their efforts exemplify a decolonial approach to 
language technology: one that recognizes African languages not as "low-resource" problems, 
but as vital repositories of knowledge and identity. To move toward more equitable and 
sovereign AI speech systems, this paper recommends a multi-pronged strategy: 

• Policy and Governance: This needs to be a priority for African governments and 
regional bodies. They should create and enforce rules to protect the diversity of 
languages, control over data, and the rights of language communities online. Global 
groups like UNESCO should help these efforts with funding, setting standards, and 
advocating for them.  

• Technical Innovation: Investment in open-source, community-driven NLP and TTS 
projects is essential. This includes supporting local annotation efforts, expanding voice 
data collection, and developing tools that center African linguistic and cultural 
realities. 

• Epistemic Reframing: Researchers and practitioners must adopt decolonial 
frameworks that challenge the epistemic authority of the Global North, foregrounding 
African voices and knowledge systems in the design and evaluation of AI 
technologies. 
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Finally, the challenge of cross-lingual deepfakes in Africa is not solely a technical one-it is 
fundamentally a question of power, representation, and justice. Addressing it requires not 
only better algorithms, but also a reimagining of whose voices matter in the digital age. By 
centering African languages, cultures, and epistemologies, it is possible to resist the 
algorithmic reproduction of colonial hierarchies and to build a digital future in which all 
voices are heard, valued, and protected. 
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