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Abstract 

Background:During the COVID – 19 pandemic, health management is of utmost important in order to ensure a 

better quality of life for every individual. With this being said, it is imperative to explore the ways and means to 

enhance the immune system of individuals through the adoptionand use of health fitness apps used for improving 

the quality of life of individuals and health fitness mobile (HFM) application developers. 

Aim:This study aimed to explore the users‟ perception of social media influence on various factors, including the 

adoption and continuous use of HFM apps. 

Methods:This study utilized a quantitative research design, usingstructured questionnaires which were distributed 

amongst all the health app users located in four-tier 1 cities in India namely Bengaluru, Chennai, Delhi, and 

Mumbai. Confirmatory factor analysis was used to analyze the measurement model. A path analysis was 

conducted to examine the conceptual model of the research.   

Results: The results of the analysis indicatedthat social media hasa significant influence on perceived usefulness, 

trust, and ease of use, and these factors also have a significant positive impact on the adoption of HFM apps. The 

adoption of HFM apps also has a significant positive impact on satisfaction and it also hasa significant positive 

effect on the continuous use of HFM applications. 

Conclusions: Based on the results of this research, it has been found that health app developers are expected to 

focus on perceived usefulness, perceived trust, and perceived ease of use during the design, and development of 

their fitness apps, and also during the promotion of the apps on social media networking sites. The HFM app 

developers should also focus on the usefulness of the apps, in accordance with the expectations of the intended 

users as this directly impacts the adoption of the health fitness mobile apps by the users. Similarly, the reviews/ 

comments/ feedback shared by the current users on social media networks has a significant impact on the 

perceived usefulness for potential users. Therefore, negative comments or reviews shared on social media should 

be immediately addressed by the HFM app developers with appropriate updates/versions/features and this should 

be reported on social media, in order to enhance perceived usefulness, and trust among the intended users. 

However, satisfied users are loyal users, hence they would be more inclined to use the HFM apps continuously. 

Therefore, understanding the users‟ requirements and making appropriate modifications promptly will enable the 

app developers to retain their users. [Ethiop. J. Health Dev: 2022:36(1): 00-00] 

Keywords: Social Media, Health Fitness Mobile apps, ease of use, usefulness, Trust, adoption, satisfaction, 

Continue use. 

 

Introduction 

The COVID - 19 pandemic has provided a lot of new 

insights and perspectivesin terms of health 

management across the globe. Individuals who are at 

risk for COVID – 19, seek measures to boost their 

immune sytem, thereby limiting the devastating 

impacts of COVID -19(1, 2). One such important 

measure is a regular physical workout which could 

significantly improve the immune system (1) and 

minimize the risk of infection due to COVID - 19 (2-

4). People living in the technological era depend on 

technology-oriented solutions for all their problems. 

Smartphones and social media bring about a lot of 

changes to the way in which humans do things, 

especially during the COVID - 19 pandemic. The 

contributions of the health fitness mobile (HFM) 

applications in health management and fitness 

hasproven to be beneficialin recent times, particularly 

during COVID - 19. Fitness apps support the 

monitoring of exercises at a low cost or at no cost at 

all. Users utilize HFM apps during their physical 

workout, exercises, walking, or jogging in order track 

progress and increase theirsense of accomplishment (2, 

4). 

 

According to Statista (2021), the most prominent 

activity in the internet is the use of social media. The 

users of social media around the globe is expected to 

increase from 3.6 billion people in the year 2020 to 

4.41 billion in 2025 (5). The rapid increase in social 

media users play a significant role in enhancing the 

public health of the peole, by protecting them from 

COVID – 19 and by creating awareness about 

transmission, prevention, symptoms, treatment, and 

health-related apps. The Technology Acceptance 

Model (TAM) is widely used to monitor the adoption 

of various technology by the intended population. 

Perceived usefulness, perceived ease of use and 

perceived trust are  significantly correlated with the 

adoption of technology. This research aimed to explore 

the other factors which are not included in the TAM 

but which also have a significant influence on the 
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adoption of technology through the extension of TAM 

(6, 7). Therefore, the primary objective of this 

researchwas to explore the influence of social media on 

the adoption and continuous use of HFM applications 

during the COVID - 19 pandemic.  

 

The outcome of the study would enablethe  

developersof health apps to understand the key factors 

which have a substantial effect on the adoption and 

continuous use of HFM applications, in order to 

prioritize significant attributes of the health fitness 

applications during the various stages of  development. 

Furthermore, the results of the study may enable the 

marketers of health fitness apps to understand the 

significance of social media influence on the adoption 

and continuous use of HFM applications, particularly 

during the COVID - 19 pandemic. This will enable the 

design, development, and launching of promotional 

campaigns or advertisements which can attract a large 

pool of users towards their fitness apps. 

 

Hypotheses Development 

Social-Media(SM), Perceived usefulness (PU), 

Perceived ease of use (PEU), and Perceived Trust 

(PT) on towards adoption (AD) of health-fitness 

mobile (HFM) apps 

Social Media (SM) and Perceived usefulness (PU): 

In the digital era, the SM platform enables the 

exchange of information in various forms such as text, 

image, audio, video, etc. Individuals share their 

opinion, reviews and comments about various products 

and services. The lockdown announced by the various 

countries due to the COVID – 19 pandemic, increased 

the  usage of SM networks considerably. While 

compared to the usage of SM in July 2019, there was a 

rise of 10.5% in SM usage, in July 2020 (5, 8). SMhas 

a critical role in opinion-making. SM acts as a platform 

to communicate the availability of health fitness apps, 

their features, including the reviews of users which 

could impact the PU of health fitness applications. The 

PU of a system can increase the individual 

performance of an app (6,9-13). 

 

Social-Media (SM) and perceived ease of use (PEU): 

The comments or reviews shared by the existing users 

based on their HFM app usage or experience include 

comments such as “easy to learn,” “user-friendliness”, 

and comments which were in favour of the apps 

compatibility with various electronic gadgets, and 

performance, all of whichcould improve the potential 

users „PEU‟ towards the HFM apps. The degree to 

which an individual considers using a specific system 

with less knowledge, skill, and effort is termed PEU. It 

contains an individual‟s calculation of the effort 

convoluted in using a specific system (6). Both PU and 

PEU  impact the adoption of technology. Various 

studies are in agreement with this finding (6-7, 9-11, 

12-14). Furthermore,  with regards to the fitness app 

AD and CU research context, understanding the 

relationship between the two constructs is important 

forthe developers of the app because apps need to be 

userfriendly and the users perception of the apps 

usefulness is essential. 

 

Social-Media (SM) and Perceived Trust (PT): PT is 

the perceived credibility and benevolence in relation to  

trust (16). PT indicates companies ability in keeping up 

with its promises (17), therefore, users‟ PT towards the 

app or the company developing the app is crucial in the 

adoption of the fitness apps, in order to gain the desired 

benefits. PT is a widely considered concept in 

technology adoption studies. (18-19). In the case of the 

technology adoption scenario, the customers‟ PT 

towards the technology provider or the company 

developing the app,  decides its AD rather than PT 

towards the technology or the specific health fitness 

app (19-22). Furthermore, PT targets the app designer 

and not the application, in terms of the extent to which 

they can provide PTin privacy, security, and 

information quality. 

 

Based on the above discussions, the following three 

hypotheses were formed: 

H1: SM has significant positive 

influences on the PU of HFM 

apps. 

H2: SM has significant positive 

influences on the PEU towards 

HFM apps  

H3: SM has significant positive 

influences on the PTofHFM 

apps. 

 

Factors affecting the Adoption (AD) of Health 

fitness mobile (HFM) applications 

The Impact of Perceived Usefulness (PU) on the 

Adoption (AD) of HFM applications: The degree to 

which users' describe their perceptions concerning the 

HFM apps that offered health-related services to them 

are termed as PU (9-10, 12). Meanwhile, PU is 

commonlyevaluated  through the use of four elements 

such as performance, productivity, effectiveness, and 

the overall usefulness of HFM applications (13). 

Therefore, the end-users will  benefit from using HFM  

during pandemics which include hard lockdowns, just 

like with COVID - 19 when  people were unable to 

access  gymnasiums for their physical workouts (22-

24). In short, individuals who are health-conscious  

will have more chances of AD ofthe HFM apps during 

COVID – 19, in order to utilize its benefits during the 

lockdown situation(25-26).  

 

Adoption (AD) of HFM applications and Perceived 

Ease of Use (PEU): The suitability and usability of 

HFM apps has been found to be relevant to a wide 

variety of targeted communities (15). TAM has been 

widely used in research studies where technology 

acceptance predicts the users' intention to use an HFM 

app (10, 13-15). One study proposed a model which 

combines TAM theory with other models that explain 

users' acceptance of health technology (7, 14). The 

chances of adopting the technology increase for the 

end-users when they believe that a specific HFM app is 

easy to use and enables them to achieve effective 

health management.  

 

AD of health – fitness mobile applications and 

Perceived Trust (PT): It is a state of mind where the 

users gain confidence and guarantees over the data 
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which is delivered by the system, this is known as PT, 

therefore, the end-users expectations with regards to 

technology generate trust in its use (9, 10, 15). In 

general, PT in the adoption and use of technology 

alleviates or eliminates the insecurityfromthe mind of 

the individuals who have no or adequate knowledge 

and experience in terms new technology/ information 

systems/ HFM apps (12, 15, 16-20). Studies conducted 

earlier established the significance of PT in the success 

or failure of adoption of information systems, E-

payments, online purchases, internet banking, HFM 

apps, etc (27-30). Earlier research has indicated that 

PTin app developers plays a crucial role in the AD of 

HFM applications (8-9, 21-23, 27-32). 

 

Based on the above discussions, the below-mentioned 

hypotheses were formulated: 

H4: PUhas significant positive 

influences onthe AD of HFM apps. 

H5: PEUhas significant positive 

influences on the AD of HFM apps. 

H6: PThas significant positive influences 

on the AD of HFM apps. 

 

The relationship between the Adoption (AD) of health 

– fitness mobile (HFM) applicationsand Satisfaction 

(SA): The users evaluated the appropriateness and use 

of various features after the AD of the HFM 

applications. If those features were in accordance with 

the expectations of the users then they would be 

satisfied and willing to adopt the continuous use (CU) 

of the fitness app even after the COVID - 19 lockdown 

had passed, in order to manage their health for various 

other chronic and communicable diseases (32-33). The 

users who were satisfied with the app, shared positive 

reviewsfor the fitness app with their friends, relatives,  

andthey also shared their positive reviews  in SM 

which may have contributed to the PU, PEU, PT, and 

AD of other potential users (34-35).The results of 

earlier studies indicated that the AD of HFM apps 

results in SA. (32, 35-36). The following hypothesis is 

proposed based on the findings above: 

 

H7: AD of HFM apps positively 

influences SA towards the 

HFM apps. 

 

The relationship between Satisfaction (SA) and 

Continuous Use (CU) of the App: SA is the expected 

positive response due to the AD of the HFM app (37-

38). It is the pleasure or happiness the user perceives 

during their usage of the HFM app and stimulates them 

to continue to use the app in the future. SA results in 

loyalty and the CU of the app in a regular manner (38-

39). The health benefits derived out of the use of HFM 

apps motivate the users forthe AD of HFM apps even 

after the COVID - 19 pandemic (38-39). 

 

H8: Satisfaction has significant 

positive influences on CU of 

HFM apps  

 

The conceptual model shown in figure 1 portrays the 

hypothetical relationships derived from the existing 

literature quoted above. 

 

 
Figure 1: Conceptual Model 
 
Methods 

Youth living abroad are frequent users of HFM apps 

for their daily fitness needs. Previous research has 

indicated that the average time of SM usage by the 

Indian nationals prior to lockdown was 3.13 hours and 

minutes (January – February 2020), with a sudden 

increase of 4.39 hours and minutes during lockdown 

for the period of March – April 2020 (40-42). The 

participants for this study, included all users of the 

health fitness app, regardless of the age or gender. Data 

was collected through the use of email and personal 

methods from May 2020 to August 2020. A structured 

questionnaire was used, which contained a total of 25 

items including all the factors recognized as essential 

from previous research (6, 9-13, 15-16, 26-29,31-32, 

34-35, 43). Specifically, This research adopted 

validated measures of social media influence, 

perceived usefulness, perceived ease of use, perceived 

trust, adoption of HFM, satisfaction, habit, and 

continuous use of HFM from Anshul (2017) and Davis 

et al. (1989). The measures used in the study had a total 

of 3-4 items (10, 43). A pilot studywas conducted 

among sixty respondents (i.e. 15 participants from each 

city) and the results of the confirmatory factor analysis 

from themeasurement model was used to verify  the 

composite reliability, average variance extracted, and 

the discriminant validity. The face validity of the 

questionnaire was verified with the help of five users of 

the health fitness apps, and three academics. A total of 

1200 questionnaires were circulated among the 
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respondents who resided at four major cities in India 

namely Bengaluru, Chennai, Delhi, and Mumbai. Out 

of the 1200 questionnaires circulated, around 521 valid 

responses were received with a response rate of 43.4%, 

after rejecting all invalid responses through data 

filtering and cleaning processes, the data was analysed 

using  IBM SPSS 24.0 software. 

 

Results and Discussion 

Sample Profile: Out ofthe 521 valid questionnaires, 

62.8% of them were male and 37.2% were female. 

Concerning the average age of the respondents, it was 

found that 43.2% of the respondents were between 25-

30 years of age. With regards to education level, 62.2% 

of them were undergraduate and 47.0% indicated that 

they were using a mobile phone for more than 4 to 6 

years and (32.1%) of the users indicated that they  use 

the HFM App often. The analysis also indicated that a 

significant proportion (54.5%) of them spent between 

31 to 60 minutes of their time on the health Fitness app 

and (55.3%) of the respondentsindicated that they were 

using the health app for fitness reasons for a period of 6 

months to one year. 

 

Confirmatory Factor Analysis - Measurement Model  

The first step in the SEM approach was the analysis 

ofthe measurement model which could assist 

invalidating the construct validity (i.e. convergent and 

discriminant validity) and internal consistency(i.e. 

Cronbach Alpha). The AMOS 23.0 software package 

was used to perform the confirmatory analysis forthe 

measurement model.  

 

Table 1: Measurement Model Results 

Construct Item  
Factor 

Loading 

Cronbach 

Alpha 

Composite 

Reliability 

Average Variance 

Extracted (AVE) 

Social Media (SM) 

SM1 0.787 

0.862 0.851 0.675 SM2 0.874 

SM3 0.801 

Perceived Usefulness(PU) 

PU1 0.841 

0.898 0.842 0.750 PU2 0.903 

PU3 0.852 

Perceived Ease of 

Use(PEU) 

PEU1 0.822 

0.896 0.898 0.688 
PEU2 0.84 

PEU3 0.864 

PEU4 0.79 

Perceived Trust (PT) 

PT1 0.786 

0.885 0.859 0.661 
PT2 0.851 

PT3 0.844 

PT4 0.768 

Adoption(AD) 

AD1 0.852 

0.895 0.843 0.681 
AD2 0.825 

AD3 0.796 

AD4 0.826 

Satisfaction(SA) 

SA1 0.941 

0.949 0.900 0.827 
SA2 0.878 

SA3 0.895 

SA4 0.921 

Continuous Use(CU) 

CU1 0.784 

0.815 0.708 0.598 CU2 0.764 

CU3 0.772 

 

Composite reliability is otherwise known as construct 

reliability and it is the measure of internal consistency 

of the scales like Cronbach's alpha. The term average 

variance extracted (AVE) is the statistic which 

computes the amount of variance between the  

constructs which is due to measurement error. 

FromTable 1, it has been identified that the internal 

consistency (i.e. Cronbach alpha) of the constructs used 

in the scale issatisfactory, which range from 0.895 to 

0.949 and falls within the threshold values of more 

than 0.7 (23). The composite reliability of the 

constructs varies between 0.708 and 0.900 which is 

more than 0.7(24). The convergent validity of the 

model is assessed based on the factor loading of the 

items, and AVE values of the constructs. All the items 

in the various constructs used in the present research 

demonstrated that the factor loadings were more than 

0.5 (44-45) and ranged between 0.764 and 0.941. 

Similarly, the AVE values of the constructs werealso 

more than 0.5 (46) and were between 0.598 and 0.827. 

Thus, it has been established that the convergent 

validity of the scale has been confirmed.  
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Table 2: Discriminant Validity 

  SM PEU PU PT AD SA CU 

SM 0.822             

PEU 0.220 0.829           

PU 0.565 0.131 0.866         

PT 0.275 0.145 0.150 0.813       

AD 0.261 0.305 0.294 0.358 0.825     

SA 0.170 0.190 0.097 0.196 0.417 0.909   

CU 0.188 0.138 0.13 0.171 0.226 0.653 0.773 

 

Note:  The Bold-faced values represent the Square-root 

of AVE scores, and the values mentioned in non-

diagonal positions are correlation coefficients between 

the constructs. 

 

Discrminant validity denotes that the constructs are not 

theoretically connected with each other. The 

discriminant validity of the measurement model was 

computed using the inter-correlation matrix of the 

constructs based on the results of the measurement 

model. The discriminant validity results are indicated 

in Table 2. From the above table, it is very clear that all 

the correlation coefficient values were less than their 

corresponding Square-root of AVE values and the 

discriminant validity of the scale used in this research. 

 

Path Analysis 

The second step in the SEM approach wasthe 

verification of the path analysis which wasanalyzed 

through the use ofthe bootstrap resampling technique 

with 5000 iterations to verify the stability of the data. 

The hypothetical relationships mentioned in the 

conceptual model wereverified through the use  ofpath 

analysis. The results of the hypothesis testing 

areincluded in table 3, and the path analysis of the 

present research is displayed in figure 2. 

 

Table 3: Hypothesis Testing - Results 

Hypothesis Relationship β S.E. t value P Decision 

H1 SM PU 0.457 0.036 12.733 <0.001** Supported 

H2 SM PEU 0.300 0.066 4.567 <0.001** Supported 

H3 SM PT 0.341 0.060 5.705 <0.001** Supported 

H4 PU AD 0.341 0.067 5.052 <0.001** Supported 

H5 PEU AD 0.225 0.041 5.456 <0.001** Supported 

H6 PT AD 0.303 0.045 6.577 <0.001** Supported 

H7 AD SA 0.438 0.047 9.370 <0.001** Supported 

H8 SA CU 0.430 0.025 12.984 <0.001** Supported 

 

 
Figure 2.Path Analysis 
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The results of the path analysis indicate that all the 

hypothetical relationships (i.e. hypotheses) are 

supported with t-values ranging from 4.567 to 

12.984.SM influence was significant in explaining all  

three constructs namely PU (ß = 0.457; p < 0.001), 

PEU (ß = 0.300; p < 0.001), and PT (ß = 0.341; p < 

0.001). Similarly, PU (ß = 0.331; p < 0.001), PEU (ß = 

0.225; p < 0.001), and PT (ß = 0.263; p < 0.001) 

significantly influence theAD of HFM apps. The 

hypothesis results further indicated that the AD of 

HFM applications were significant in explaining SA(ß 

= 0.438; p <0.001). Likewise, SA (ß = 0.430; p < 

0.001) with theHFM apps has a significant effect on its 

CU. The model fitness indices falls within the 

recommended range (χ
2
= 31.256, χ

2
/df=1.736, 

GFI=0.943, AGFI= 0.932, CFI= 0.914, NFI=0.904, and 

RMR= 0.023) therefore, it has been established that 

model is fit with the data.  

 

The results of this research indicate that social media 

has a significant influence on all three variables namely 

PU, PEU, and PT with a regression coefficient of more  

than 0.30. However, social media has the greatest 

influence on PU, with a regression coefficient of 0.46, 

as compared to PEU and PT. The reviews /comments/ 

feedback shared on social media has a signifiant 

influence on PU of the HFM by the users. PU of the 

users has the highest level of influence on adoption of 

the HFM app, with a regression coefficient of 0.34, 

which is followed by PT (0.30), and PEU (0.22). The 

results of this research also indicate that the adoption of 

the HFM apps has a signifiant influence on the users‟ 

satisfaction, with a regression coefficient of 0.44, 

which is followed by habit of use (0.37). It has also 

been found that satisfaction (0.33), and habit of use 

(0.24) have a significant effect on the continuous use of 

HFM apps by the users. 

 

Conclusions 

The results of this research indicatethat SMhas a key 

role in building the PU, PEU, and PTin the minds of 

usersregarding the HFM apps. Hence, creating 

awareness about the HFM apps in SM is inevitable in 

the digital era. The HFM app developers and marketing 

companies need to develop their brand with the brand 

name, features, privacy of users, security features 

available, memory usage, compatibility, technical 

expertise or user guide required to use the app, user-

friendliness, and potential benefits through SM 

applications like Facebook, Twitter, YouTube, etc. 

SMis an essential factor in convincing users to 

download the app, and this is further enhanced through 

the reviews, comments, and ratings in the blogs or SM 

of the existing users of the app. Therefore, it is 

essential to address negative comments at the earliest, 

by providing an update or additional features to meet 

the expectations of the users, which could result in the 

SAof the users, which in turn leads to theCU of health 

apps. The present COVID - 19 pandemic requires 

everyone to boosts their immunity through the use 

ofyoga/physical activities, healthy lifestyles, healthy 

eating habits, supplementary food products, herbal 

medicines, etc,in order to improve their resistance 

against COVID - 19 (47). Currently, social media and 

HFM apps provide a platform to promote  public 

health. HFM app providers should 

analyzetheiruserbehavior and preferences through the 

use of big data technology (19-20, 48). Therefore, it 

can be concluded that HFM app developers are 

encouraged to focus on PU, PT, and PEU during the 

design, development, and promotion of the HFM apps 

in SM networking sites. 

 

Limitations and Future Recommendations 

This research has  certain limitations. This research 

included respondents of all ages and both gender from 

four major cities in India, however, may not have 

explored the facors related to age and gender to its 

fullest capacity, as this was not the focus of the 

research. Furthermore, a replication of this study with 

control variables such as gender, and age category 

could be prove to be beneficial. This study was focused 

only on tier 1 cities in India, therefore replicating the  

study in tier 2, and tier 3 cities may assist the research 

community, and HFM app developersin understanding  

the significant difference between the users, in terms of 

the factors influencing the AD of HFM apps based on 

the city they reside in. 

 

Ethics approval and consent to participate 

The Doctoral research committee of Anna University 

accepted the research proposal. Prior to data collection,  

written consent was obtained from each respondent. 

Personal details of the respondents were not 

disclosedin order to ensure confidentiality.  

 

Competing interests 

The authors affirm that they have no competing 

interests. 

 

References 

1. Pedersen BK, Hoffman-Goetz L. Exercise, and 

the immune system: regulation integration and 

adaption. Physiological Reviews. 2000; 80(3): 

1055–81. 

2. Matheus PS, Kimberly KSF, Matheus RB, Édina 

S, Renata CR, Débora TRS. Physical exercise as 

a tool to help the immune system against 

COVID-19: an integrative review of the current 

literature, Clinical and Experimental Medicine. 

2020 https://doi.org/10.1007/s10238-020-00650-

3 

3. Nieman DC, Wentz LM. The compelling link 

between physical activity and the body‟s defence 

system. Journal of Sport and Health Science. 

2019; 8(3): 201–17.   

4. World Health Organization Healthy at home – 

Physical activity https://www.who.int/news-

room/campaigns/connecting-the-world-to-

combat-

https://doi.org/10.1007/s10238-020-00650-3
https://doi.org/10.1007/s10238-020-00650-3


Influence of Social Media on the adoption and continuous use of health fitness mobile apps     7 
 

Ethiop. J. Health Dev. 2022;36(1) 

coronavirus/healthyathome/healthyathome-

physical activity. Accessed August 12, 2020. 

5. Number of global social network users 2017-

2025. Statista Research Department, 2021. 

https://www.statista.com/statistics/278414/numb

er-of-worldwide-social-network-users/ 

6. King WR,   He JA. Meta-analysis of the 

technology acceptance model. Information & 

Management. 2006; 43:740–755. 

7. Lewis TL, Wyatt JC. mHealth and mobile 

medical apps: A framework to assess risk and 

promote safer use. Journal of Medical Internet 

Research, 2014; 16(9); 1–8. 

8. GlobalWebIndex survey - 

https://www.globalwebindex.com/reports/social. 

Accessed August 12, 2020. 

9. Maharsi S, Yuliani M. Faktor-Faktor yang 

MempengaruhiMinatNasabahMenggunakan 

Internet banking DenganMenggunakanKerangka 

Technology Acceptance Model (TAM). 

Accounting and Finance Journal. 2007; 9(1): 18–

28. 

10. Davis FD. Perceived Usefulness, Perceived Ease 

of Use, and User Acceptance of Information 

Technology. MIS Quarterly. 1989; 13(3):  319–

340. 

11. Lee HE,   Cho J. What motivates users to 

continue using diet and fitness apps? Application 

of the uses and gratifications approach. Health 

Communication (online first). http://www. 

tandfonline.com/doi/abs/10.1080/10410236.201

6.1167998. Accessed May 5, 2020. 

12. Davis S, Wiedenbeck S. The mediating effects 

of intrinsic motivation, ease of use and 

usefulness perceptions on performance in first-

time and subsequent computer users. Interacting 

with Computers. 2001; 13(5): 549–580. 

13. Saade R,   Bahli B. The impact of cognitive 

absorption on perceived usefulness and 

perceived ease of use in on-line learning: An 

extension of the technology acceptance model. 

Information & Management. 2005; 42(2): 317–

327. 

14. Suh B,   Han I. Effect of trust on customer 

acceptance of Internet banking. Electronic 

Commerce Research and Applications. 2002; 1: 

247–263. 

15. Venkatesh V, Davis FD. A theoretical extension 

of the technology acceptance model: Four 

longitudinal field studies. Management Science. 

2000; 46: 186–204. 

16. Doney PM, Cannon JP. An examination of the 

nature of trust in buyer-seller relationship. 

Journal of Marketing. 1997; 61: 35–51. 

17. Gefen D, Karahanna E, Straub DW. Trust and 

TAM in online shopping: An integrated model. 

MIS Quarterly. 2003; 27(1): 51–90. 

18. Bart Y, Shankar V, Sultan F, Urban GL. Are the 

drivers and role of online trust the same for all 

web sites and consumers? A large-scale 

exploratory empirical study. Journal of 

Marketing, 2005; 69: 133– 152. 

19. Beldad A, Kusumadewi M. Here‟s my location, 

for your information: The impact of trust, 

benefits, and social influence on location sharing 

application use among Indonesian university 

students. Computers in Human Behavior. 2015; 

49: 102–110. 

20. Beldad A, De Jong M, Steehouder M. How shall 

I trust the faceless and the intangible? A 

literature review on the antecedents of online 

trust. Computers in Human Behavior. 2010; 

26(5): 857–869. 

21. Beldad A, De JM, Steehouder M. I trust not 

therefore it must be risky: Determinants of the 

perceived risks of disclosing personal data for e-

government transactions. Computers in Human 

Behavior. 2011; 27: 2233–2242. 

22. Beldad AD, Hegner SM. Expanding the 

Technology Acceptance Model with the 

Inclusion of Trust, Social Influence, and Health 

Valuation to Determine the Predictors of 

German Users‟ Willingness to continue using a 

Fitness App: A Structural Equation Modeling 

Approach. International Journal of Human 

Computer Interaction. 2018; 34: 882–893. 

23. Alloghani M, Hussain A, Al-Jumeily D, 

Abuelma'atti O. Technology Acceptance Model 

for the Use of M-Health Services among Health 

Related Users in UAE. International Conference 

on Developments of E-Systems Engineering, 

2015; 213-217. 

24. Legris P, Inghamb J,   Collerette P. Why do 

people use information technology? A critical 

review of the technology acceptance model. 

Information and Management. 2003; 40: 191–

204. 

25. Marangunic, N.,   Granic, A. Technology 

acceptance model: A literature review from 1986 

to 2013. Universal Access in the Information 

Society. 2015. 14: 1.  81–95. 

26. Wang BR, Park, JY, Chung K, Choi IY. 

Influential factors of smart health users 

according to usage experience and intention to 

use. Wireless Personal Communications. 2014; 

79(4): 2671–2683. 

27. Deng Z, Zhang L, Zhang J. Applying technology 

acceptance model to explore the determinants of 

mobile health service: from the perspective of 

public user. Eleventh Wuhan International 

Conference on E-business. 2012; 406–411. 

28. Zahra F, Hussain A, Mohd H. Usability 

evaluation of mobile applications; where do we   

stand? The 2nd International Conference on 

Applied Science and Technology 2017.   

Malaysia:   AIP   Publishing. 

https://doi.org/10.1063/1.5005389. Accessed 

from April 5, 2020. 

29. Dou L, Yu P, Deng N. Patients' Acceptance of 

Smartphone Health Technology for Chronic  

Disease  Management:  A  Theoretical  Model  

and  Empirical  Test. Journal of Medical Internet 

Research. Mhealth Uhealth. 

https://doi.org/10.2196/mhealth.7886. Accessed 

from April 5, 2020. 

30. Sun Y, Wang N, Guo X,   Peng Z. 

Understanding the Acceptance of Mobile Health 

Services:  A comparison and Integration of 

Alternative Models. Journal of Electronic 

Commerce Research. 2013; 14(2): 183–200. 

https://www.statista.com/statistics/278414/number-of-worldwide-social-network-users/
https://www.statista.com/statistics/278414/number-of-worldwide-social-network-users/
https://doi.org/10.1063/1.5005389
file:///C:/Users/EJHD/Downloads/Dou%20L,%20Yu%20P,%20Deng%20N.%20Patients'%20Acceptance%20of%20Smartphone%20Health%20Technology%20for%20Chronic%20%20Disease%20%20Management:%20%20A%20%20Theoretical%20%20Model%20%20and%20%20Empirical%20%20Test.%20Journal%20of%20Medical%20Internet%20Research.%20Mhealth%20Uhealth.%20https:/doi.org/10.2196/mhealth.7886
file:///C:/Users/EJHD/Downloads/Dou%20L,%20Yu%20P,%20Deng%20N.%20Patients'%20Acceptance%20of%20Smartphone%20Health%20Technology%20for%20Chronic%20%20Disease%20%20Management:%20%20A%20%20Theoretical%20%20Model%20%20and%20%20Empirical%20%20Test.%20Journal%20of%20Medical%20Internet%20Research.%20Mhealth%20Uhealth.%20https:/doi.org/10.2196/mhealth.7886
file:///C:/Users/EJHD/Downloads/Dou%20L,%20Yu%20P,%20Deng%20N.%20Patients'%20Acceptance%20of%20Smartphone%20Health%20Technology%20for%20Chronic%20%20Disease%20%20Management:%20%20A%20%20Theoretical%20%20Model%20%20and%20%20Empirical%20%20Test.%20Journal%20of%20Medical%20Internet%20Research.%20Mhealth%20Uhealth.%20https:/doi.org/10.2196/mhealth.7886
file:///C:/Users/EJHD/Downloads/Dou%20L,%20Yu%20P,%20Deng%20N.%20Patients'%20Acceptance%20of%20Smartphone%20Health%20Technology%20for%20Chronic%20%20Disease%20%20Management:%20%20A%20%20Theoretical%20%20Model%20%20and%20%20Empirical%20%20Test.%20Journal%20of%20Medical%20Internet%20Research.%20Mhealth%20Uhealth.%20https:/doi.org/10.2196/mhealth.7886
file:///C:/Users/EJHD/Downloads/Dou%20L,%20Yu%20P,%20Deng%20N.%20Patients'%20Acceptance%20of%20Smartphone%20Health%20Technology%20for%20Chronic%20%20Disease%20%20Management:%20%20A%20%20Theoretical%20%20Model%20%20and%20%20Empirical%20%20Test.%20Journal%20of%20Medical%20Internet%20Research.%20Mhealth%20Uhealth.%20https:/doi.org/10.2196/mhealth.7886
file:///C:/Users/EJHD/Downloads/Dou%20L,%20Yu%20P,%20Deng%20N.%20Patients'%20Acceptance%20of%20Smartphone%20Health%20Technology%20for%20Chronic%20%20Disease%20%20Management:%20%20A%20%20Theoretical%20%20Model%20%20and%20%20Empirical%20%20Test.%20Journal%20of%20Medical%20Internet%20Research.%20Mhealth%20Uhealth.%20https:/doi.org/10.2196/mhealth.7886


8     Ethiop. J. Health Dev 
 

Ethiop. J. Health Dev. 2022;36(1) 

31. Hung MC, Jen WY. The adoption of mobile 

health management services: an empirical study. 

Journal of Medical Systems. 2012; 36(3): 1381–

1388. 

32. Fang Y, Qureshi I, Sun H, McCole P, Ramsey E, 

Lim KH. Trust, satisfaction, and online 

repurchase intention: the moderating role of 

perceived effectiveness of e-commerce 

institutional mechanisms. MIS Quarterly. 2014; 

38: 407–427. 

33. Kim Y, Kim S, Rogol E. The effects of 

consumer innovativeness on sport team 

applications acceptance and usage. Journal 

of Sport Management. 2017; 31: 241–255. 

34. Yoo DH, Ko DS, Yeo IS. Effect of user‟s trust in 

usefulness, attitude and intention for mobile 

sports content services. Journal of Physics 

Education Sport. 2017; 17: 92–96. 

35. Chiu W, Cho H, Chi CG.  Consumers‟ 

continuance intention to use fitness and health 

apps: An integration of the expectation–

confirmation model and investment model. 

Information Technology and People. 2020 

(online first). 

36. https://www.emerald.com/insight/content/doi/10.

1108/ITP-09-2019-0463/full/html. Accessed 

from April 5, 2020. 

37. Dhiman N, Arora N, Dogra N, Gupta A. 

Consumer adoption of smartphone fitness apps: 

An extended UTAUT2 perspective. Journal 

Indian Business Research. 2019; 12: 363–388. 

38. Yuan S, Ma W, Kanthawala S, Peng W. Keep 

Using My Health Apps: Discover Users‟ 

Perception of Health and Fitness Apps with the 

UTAUT2 Model. Telemedicine E-Health. 2015; 

21: 735–741. 

39. Hsiao CH, Chang JJ, Tang KY. Exploring the 

influential factors in continuance usage of 

mobile social apps: Satisfaction, habit, and 

customer value perspectives. Telematics and 

Informatics. 2016; 33: 342–355. 

40. Ofori KS, Larbi-Siaw O, Fianu E, Gladjah RE, 

Yeboah-Boateng O. Factors influencing the 

continuance use of mobile social media: the 

effect of privacy concerns. Journal of Cyber 

Security and Mobility. 2016; 4: 207–226. 

41. PricewaterhouseCoopers Global Annual review 

report (2014)- https://www.pwc.com/gx/en/ 

about-pwc/global-annual-review-

2015/campaign-site/pwc-global-annual-review-

2015.pdf. Accessed July 5, 2020. 

42. Impact of the coronavirus (COVID-19) on time 

spent using social networking applications 

across India from January to April 2020 -

https://www.statista.com/statistics/1114459/ 

india-coronavirus-impact-on-weekly-usage-

time-of-social-networking-apps/. Accessed 

August 12, 2020. 

43. Forecast Number of Mobile Users Worldwide 

from 2020 to 2024. Available online: 

https://www.statista.com/statistics/218984/numb

er-of-global-mobile-users-since-2010/. Accessed 

August 18, 2020. 

44. Anshul M, Suresha S, Swati S. Factors 

influencing consumers‟ attitude towards 

adoption and continuous use of mobile 

applications: a conceptual model. Information 

Technology and Quantitative 

Management(ITQM2017). Procedia Computer 

Science 122 (2017) 106–113. 

45. Hair JF, Black WC, Babin BJ, Anderson RE. 

Multivariate Data Analysis. Seventh Edition. 

Prentice Hall, Upper Saddle River, New Jersey. 

2010. 

46. FornellCG,  Bookstein FL. Two structural 

equation models: LISREL and PLS applied to 

consumer exit-voice theory. Journal of 

Marketing Research. 1982; 19(4): 440–452. 

47. Nunnally, Journal of Psychometric theory (2nd 

ed.). NewYork: McGraw-Hill. 1978. 

48. Leandro CG, Castro RM, Nascimento E, Pithon-

Curi TC, Curi R. Adaptative mechanisms of the 

immune system in response to physical training. 

Revista Brasileira de Medicina do Esporte. 2007; 

13(5): 343–8. 

49. Aoshuang L, Yongqiang S, Xiaodong Y, Jinyu 

G. Exploring the Relationship between 

Perceived Ease of Use and Continuance Usage 

of a Mobile Terminal: Mobility as a Moderator, 

Sustainability. 2019; 11(1128): 1-15. 

 

https://www.pwc.com/gx/en/

